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ABSTRAK

Program Magang & Studi Independen Bersertifikat (SIB) batch 4 ini
merupakan  bagian dari program Kampus Merdeka yvang bertujuan uniuk
memberifan kesempatan kepada mohasiswe wnink belajar dan mengembanghan
divt melolui aktivitas df Twar helas perkulichan, namun fetap diockui sebagai
hagian dari perkuliahan. Program ini diperuntukkan bagi mahasiswa yang ingin
memperlenghapi divinva dengan menguasal kompetensi spesifil dan prafkiis vang
fuga dicari oleh dunia wsaha dunia indusiri.

Zenius dengan program Data Analvst menjalankan program selama
kurang lebily § bulan yvang dimana menggunakan platform zoom meeting dengan
expert ataw mentor dan diisi dengan guiz, discussion, case study, serta terakhir
vaitu final project. Final project akan menjadi puncak akhir dari pembelajaran.
FProject akhir penulis vaitu mengolah data sef home credit default risk. Dalam
bidang  credit scoring,  solusi Data Science  dikembanghan  mengounakan
Sframewark CRISP-DM. Solusi ini mengikuti serangkaian langkah vang meliputi
Insiness wnderstanding, data understanding, data preparation, modeling, and
evaluation. Tahap pemahaman hisnis melibatian fdentifibasi fujnan bisniy dan
kebutuhan yang ada. Data yang relevan kemudian dikumpulkan dan dieksplorasi
pada tahap pemahaman data, Selanjutnva, data dipersiapkan melalui proses
pembersihan dan transformasi. Pada tahap pemodelan, model credit scoring
dibangun menggunakan berbagai algorvitma Machine Learning. Akhirnya,
performa model dievaluasi dengan mengujinve poda data vang tidak dicunakan

dalam pelatihan. Framework ini menvediakan pendekatan sistematis dalam



mengatasi permasalahan credit scoring dan dapar diterapian wuntuk meningkatkan

proses pengambilan keputusan dalam penilaian kredit.

Kata kunci : Solusi Data Science, credit scoring, framework CRISP-DM,

algoritma Machine Learning, pengambilan keputusan, penilaian kredit,

ABSTRACT

The Certified Independent Studv & Imternship Program (SIB) batch 4 is
part of the Merdeka Campus program which aims to provide opportunities for
students fo learn and develop themselves through activities outside the lecture
class, but are still recognized as part of the lecture. This program is intended for
students who wish 1o eguip themselves by mastering specific and practical
competencies that are also sought after by the husiness and industrial world.

Zenius with the Data Analyst program runs the program for approximately
5 months which uses a zoom meeting platform with experts or mentors and is
SJilled with guizzes, discussions, case studies, and finally the final project. The final
project will be the final pinnacle of learning. The author's final project is
processing the home credit default risk data sei. In the field of credit scoring, Data
Science solutions arve developed wsing the CRISP-DM framework, This solurion
follows a series of sieps which include business understanding, data
undersianding, doia  preparation, modeling, and  evalwation. The business
understanding stage mvolves identifving business goals and existing needs.
Relevant dava is then collected and exploved ar the data understanding stage.
Next, the data is prepaved through a process of cleaning and iransforming. At the
maodeling stage, the credit scoring model is built using various Machine Learning
algorithms. Finally, the model's performance is evaluated by festing i on daia not
wsed in training, This framework provides a systematic approach io addressing
credit scoring fsswes and can be applied to improve the decision-making process

i credit scoring.
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