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ABSTRAK

Program Magang & Studi Independen Bersertifikat (SIB) batch 4 ini
merupakan  bagian dari program Kampus Merdeka yvang bertujuan  uniuk
memberikan kesempatan kepado mahasiswa untuk belajar dan mengembangkan
divi melalui akiivitas di lwar kelas perfulichan, wamun fetap diokai seboagai
bagian dari perkuliahan. Program ini diperuntulkan bagi mahasiswa yvang ingin
memperlengkapi dirinva densan menguasal kompetensi spesifik dan prakiis vang
S dicari olel dunia usaha dunia indusiei.

Zenius dengan program Data Analvst menjalankan program selama
kurang lebil 5 bulan vang dimana menggunakan platform zoom meeting dengan
expert atow mentor dan ditsi dengan quiz, discussion, case study, serta terakhir
vaitu final project, Final project akan menjadi puncak akhir darvi pembelajaran,
Project alhir penwlis vaitn mengolah data set home credit defauli visk. Dalam
bidang  credit scoring, solust Data Science  dikembanghan  mengounakan
framewark CRISP-DM. Solusi ini mengiknti seranghaian langkah yvang melipuii
business understanding, data understanding, data preparation. modeling, and
evaluation. Tahap pemahaman bisnis melibathan identifikasi mjuan hisnis dan
kebutuhan vang ada. Data vang relevan kemudian dikumpulkan dan dieksplorasi
pada tahap pemahaman data. Selanjutnva, date dipersiapkan melalui proses
pembersihan dan transformasi. Pada tahap pemodelan, model credit scoring
dibangun  menggunakan  berbagai  algoritma  Muachine Learning,  Akhirnva,
performa model! dievaluasi dengan mengujinva pada daia vang tidak dicunakan

dalam pelaiihan, Framework ini menvediakan pendekatan sistemaris dalam



mengatasi permasalahan credit scoring dan dapat diterapkan untuk meningkatkan

proses pengambilan kepuiusan dalaom penilaian kredil,

Kata kunci : Solusi Data Science, credit scoring, framework CRISP-DM,

algoritma Machine Learning, pengambilan keputusan, penilaian kredit,

ABSTRACT

The Certified Independent Study & Internship Program (SIB) baich 4 is
part af the Merdeka Campus program which aims to provide opportunities for
students to learn and develop themselves through activities outside the lecture
class, but ave sull vecognized as part of the lecture. This program is intended for
students who wish to equip themselves by mastering specific and practical
competencies that are alvo sought after by the business and industrial world.

Zenius with the Data Analyst program runs the program for approximaiely
5 months which uses g zoom meeting platform with experis or mentors and is
filled with quizzes, discussions, case studies, and finally the final project. The final
projfeci will be the final pinnacle of learming. The aurhor's fingl praject is
processing the home credit defaundt visk data sed. In the field of credit seoring, Data
Science solutions are developed using the CRISP-DM framework. This solution
Jollows a series of steps which include business wunderstanding, data
understanding, data  preparation, modeling, and evaluation. The business
understanding stage involves identifving business goals and existing needs.
Relevant data is then collecied and explored at the data wndersianding stage.
Next, the data is prepared through a process of cleaning and transforming. At the
modeling stage, the credit scoring model is built using various Machine Learning
algorithms. Finally, the model's performance is evalvnated by tesiing it on daia not
wsed in training. This framewark provides a systematic approach to addressing
credit scoring issues and can be applied to improve the decision-making process

in credit scoring.

Keywords : Dafa Science soluwiions, credit scoring, CRISP-DM jramework,

Macline Learning algorithms, decision making, credit scoring
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