
156 
 

REFERENCES 

 

[1] B. Lim, S. Arık, N. Loeff, and T. Pfister, “Temporal Fusion Transformer s 

for interpretable multi-horizon Time Series forecasting,” Int. J. Forecast., 

vol. 37, no. 4, pp. 1748–1764, 2021, doi: 10.1016/j.ijforecast.2021.03.012. 

[2] L. Nechvátalová, “Multi-horizon Equity Returns Predictability via Machine 

Learning,” Financ. a Uver - Czech J. Econ. Financ., vol. 74, no. 2, pp. 142–

190, 2024, doi: 10.32065/CJEF.2024.02.01. 

[3] J. Laborda, S. Ruano, and I. Zamanillo, “Multi-Country and Multi-horizon 

GDP Forecasting Using Temporal Fusion Transformer s †,” Mathematics, 

vol. 11, no. 12, pp. 1–26, 2023, doi: 10.3390/math11122625. 

[4] J. Yang, P. Li, Y. Cui, X. Han, and M. Zhou, “Multi-Sensor Temporal Fusion 

Transformer  for Stock Performance Prediction: An Adaptive Sharpe Ratio 

Approach,” Sensors, vol. 25, no. 3, pp. 1–24, 2025, doi: 10.3390/s25030976. 

[5] H. Lin, “Reviews on Transformer -based Models for Financial Time Series 

Forecasting,” Appl. Comput. Eng., vol. 96, no. 1, pp. 130–133, 2024, doi: 

10.54254/2755-2721/96/20241351. 

[6] B. B. Inani Sarveshwar Kumar, Pradhan Harsh, Kumar Surender, 

“Navigating the technical analysis in stock markets : Insights from 

bibliometric and topic modeling approaches,” Invest. Manag. Financ. Innov., 

2024, doi: 10.21511/imfi.21(1).2024.21. 

[7] H. Musfidah, T. S. Aji, and U. Hartono, “DEFINING INVESTMENT 

DECISION MAKING IN THE STOCK MARKET: A LITERATURE 

REVIEW,” J. World Econ. Transform. Transitions, vol. 2, no. 05, pp. 1–13, 

2022, doi: 10.52459/jowett25231222. 

[8] W. Buczynski, F. Cuzzolin, and B. Sahakian, “A review of machine learning 

experiments in equity investment decision ‑ making : why most published 

research findings do not live up to their promise in real life,” Int. J. Data Sci. 

Anal., vol. 11, no. 3, pp. 221–242, 2021, doi: 10.1007/s41060-021-00245-5. 

[9] K. Lahboub and M. Benali, “Assessing the Predictive Power of Transformer 

s, ARIMA, and LSTM in Forecasting Stock Prices of Moroccan Credit 

Companies,” J. Risk Financ. Manag., vol. 17, no. 7, 2024, doi: 

10.3390/jrfm17070293. 

[10] X. Jiang, “A Multi-Task Learning Model for Stock Market Forecasting,” 

Appl. Comput. Eng., vol. 146, no. 1, pp. 1–8, 2025, doi: 10.54254/2755-

2721/2025.tj21873. 

[11] W. Long, J. Gao, K. Bai, and Z. Lu, “A hybrid model for stock price 

prediction based on multi-view heterogeneous data,” Financ. Innov., vol. 10, 

no. 1, 2024, doi: 10.1186/s40854-023-00519-w. 

[12] X. Li, S. Chen, X. Qiao, M. Zhang, C. Zhang, and F. Zhao, “Multi-

perspective Learning Based on Transformer  for Stock Price Trend,” Int. J. 



157 
 

Comput. Intell. Syst., vol. 18, no. 1, 2025, doi: 10.1007/s44196-025-00768-

w. 

[13] P. Srivastava, “Enhancing Stock Market Predictions with Multi-Feature 

Time2Vec-Transformer  Models,” Int. J. Comput. Trends Technol., vol. 73, 

no. 1, pp. 1–18, 2025, doi: 10.14445/22312803/ijctt-v73i1p101. 

[14] S. Hartanto and A. A. S. Gunawan, “Temporal Fusion Transformer s for 

Enhanced Multivariate Time Series Forecasting of Indonesian Stock Prices,” 

Int. J. Adv. Comput. Sci. Appl., vol. 15, no. 7, pp. 140–148, 2024, doi: 

10.14569/IJACSA.2024.0150713. 

[15] X. Dai, D. Zhang, C. K. M. Lau, and Q. Wang, “Multiobjective portfolio 

optimization: Forecasting and evaluation under investment horizon 

heterogeneity,” J. Forecast., vol. 42, no. 8, pp. 2167–2196, 2023, doi: 

10.1002/for.3010. 

[16] T. Kusmini and B. Wibowo, “Analysis of the Volatility and ASymmetric 

Stocks Information in the Energy Sector on the Indonesia Stock Exchange 

2021-2024,” vol. 5, no. 10, pp. 12805–12818, 2025. 

[17] A. M. Syahid, I. Pitriana, and H. S. Lestari, “Internal and External 

Determinants of Banking Stock Performance: Evidence From The Indonesia 

Stock Exchange,” J. Ilm. Manaj. Kesatuan, vol. 12, no. 6, pp. 2267–2276, 

2024, doi: 10.37641/jimkes.v12i6.2916. 

[18] F. Zhao, T. Meng, W. Wang, F. Alam, and B. Zhang, “Digital 

Transformation and Firm Performance: Benefit from Letting Users 

Participate,” J. Glob. Inf. Manag., vol. 31, no. 1, pp. 1–23, 2023, doi: 

10.4018/JGIM.322104. 

[19] H. Sasono, “Comparison of Bank Mandiri ’ s Financial Performance with 

Bri,” vol. 29, no. 3, pp. 338–343, 2024. 

[20] D. Erica and I. A. Vidada, “Analisa Fundamental Perusahaan Pada Investasi 

Kode Saham TLKM,” vol. 2, no. April, pp. 27–34, 2022. 

[21] T. S. Pambudi, “VOLATILITAS INDEKS HARGA SAHAM DAN 

PENGARUH INDIKATOR EKONOMI PADA KINERJA PT 

PERUSAHAAN GAS NEGARA TBK (PGAS),” vol. 4, no. 12, 2024, doi: 

10.17977/um066.v4.i12.2024.5. 

[22] I. M. Ully Prisandini, Safira Aprilia Lukita, NerissaArcellyaVirjannah, 

“INVESTASI DAN TRADING DIPILIH UNTUK SAHAM PGAS,” vol. 5, 

no. 1, pp. 47–56, 2025. 

[23] Y. Yao, “Stock Price Prediction Using an Improved Transformer  Model: 

Capturing Temporal Dependencies and Multi-Dimensional Features,” J. 

Comput. Sci. Softw. Appl., vol. 5, no. 2, 2025, [Online]. Available: 

https://mfacademia.org/index.php/jcssa/article/view/195 

[24] J. D. Turiel and T. Aste, “Sector Neutral Portfolios: Long memory motifs 

persistence in market structure dynamics,” pp. 1–14. 



158 
 

[25] L. Sakinah, R. Anisa, and I. M. Sumertajaya, “Energy Sector Stock Price 

Forecasting with Time Series Clustering Approach,” vol. 8, no. 2, pp. 132–

142, 2024. 

[26] S. Alya, S. Purwandhani, A. Agigia, N. Sajiatmoko, C. S. Kusuma, and U. 

M. Malang, “Optimizing Indonesian Banking Stock Predictions with 

DBSCAN and LSTM,” vol. 6, no. 3, pp. 1173–1188, 2025. 

[27] I. N. Switrayana, R. Hammad, P. Irfan, T. T. Sujaka, and M. H. Nasri, 

“JTIM : Jurnal Teknologi Informasi dan Multimedia Comparative Analysis 

of Stock Price Prediction Using Deep learning with Data Scaling Method,” 

vol. 7, no. 1, pp. 78–90, 2025. 

[28] A. Y. Febriyanti and D. A. Prasetya, “Stock Price Prediction and Risk 

Estimation Using Hybrid CNN-LSTM and VaR-ECF,” vol. 6, no. 3, pp. 

1539–1554, 2025. 

[29] R. M. Leushuis and N. Petkov, “Advances in forecasting realized Volatility : 

a review of methodologies,” 2026. 

[30] P. Chen, Z. Boukouvalas, and R. Corizzo, A deep fusion model for stock 

market prediction with news headlines and Time Series data, vol. 36, no. 34. 

Springer London, 2024. doi: 10.1007/s00521-024-10303-1. 

[31] T. Akiba, S. Sano, T. Yanase, T. Ohta, and M. Koyama, “Optuna : A Next-

generation Hyperparameter Optimization Framework,” pp. 2623–2631, 

2019. 

[32] J. Xu, C. Wu, Y. Li, and P. Bouvry, “A Unified Hyperparameter 

Optimization Pipeline for Transformer -Based Time Series Forecasting 

Models”. 

[33] S. Shekhar and A. Salim, “A Comparative Study of Hyper-Parameter 

Optimization Tools”. 

[34] S. Frizzo, L. Oriel, L. Scapinello, V. Cocco, and S. Coelho, “International 

Journal of Electrical Power and Energy Systems HyperTuned Temporal 

Fusion Transformer  for multi-horizon Time Series forecasting of dam level 

in hydroelectric power plants,” Int. J. Electr. Power Energy Syst., vol. 157, 

no. November 2023, p. 109876, 2024, doi: 10.1016/j.ijepes.2024.109876. 

[35] R. N. Muniz, W. G. Buratto, G. V. Gonzalez, R. Cardoso, and E. C. Finardi, 

“Time Series Forecasting of Natural Inflow in Hydroelectric Power Plants 

Using Hyper-Tuned Temporal Fusion Transformer  With Hodrick – Prescott 

Filter,” pp. 1–11, 2025, doi: 10.1049/gtd2.70087. 

[36] M. C. Lee, “Temporal Fusion Transformer -Based Trading Strategy for 

Multi-Crypto Assets Using On-Chain and Technical Indicators,” 2025. 

[37] S. Yfanti, “Emerging stock market Volatility and economic fundamentals : 

the importance of US uncertainty spillovers , financial and health crises,” 

Ann. Oper. Res., vol. 313, no. 2, pp. 1077–1116, 2022, doi: 10.1007/s10479-

021-04042-y. 



159 
 

[38] M. System, Z. Bousbaa, and J. Sanchez-medina, “Financial Time Series 

Forecasting : A Data Stream,” pp. 1–29, 2023. 

[39] O. S. Yaya, M. Zhang, H. Xi, and F. Furuoka, “How do leading stock markets 

in America and Europe connect to Asian stock markets ? Quantile dynamic 

connectedness,” vol. 8, no. July, pp. 502–531, 2024, doi: 

10.3934/QFE.2024019. 

[40] S. Cities, “smart cities Multivariate Time-Series Forecasting : A Review of 

Deep learning Methods in Internet of Things Applications to Smart Cities,” 

pp. 2519–2552, 2023. 

[41] C. Zhang, Article Title : Deep learning models for price forecasting of 

financial Time Series : A review of recent advancements : 2020-2022 

Authors : 2022. 

[42] L. Tomov, L. Chervenkov, D. G. Miteva, H. Batselova, and T. Velikova, 

“Applications of Time Series analysis in epidemiology: Literature review and 

our experience during COVID-19 pandemic,” World J. Clin. Cases, vol. 11, 

no. 29, pp. 6974–6983, 2023, doi: 10.12998/wjcc.v11.i29.6974. 

[43] W. Chen, W. Hussain, F. Cauteruccio, and X. Zhang, “Deep learning for 

Financial Time Series Prediction : A State-of-the-Art Review of Standalone 

and Hybrid Models Auto encoder,” 2023, doi: 10.32604/cmes.2023.031388. 

[44] X. Kong et al., Deep learning for Time Series forecasting: a survey, vol. 16, 

no. 7–8. Springer Berlin Heidelberg, 2025. doi: 10.1007/s13042-025-02560-

w. 

[45] A. Vaswani, “Attention Is All You Need,” no. Nips, 2017. 

[46] B. Chen, Y. Li, J. Liu, F. Yang, and L. Zhang, “MSMHSA-DeepLab V3 + : 

An Effective Multi-Scale , Multi-Head Self-Attention Network for Dual-

Modality Cardiac Medical Image Segmentation,” 2024. 

[47] P. Koukaras and C. Tjortjis, “Data Preprocessing and Feature engineering 

for Data Mining :,” 2025. 

[48] D. Zhang, N. Tang, W. Dong, and L. Zhao, “Machine Learning-Based 

Financial Big Data Analysis and Forecasting : From Preprocessing to Deep 

learning Models,” vol. 0, pp. 79–85, doi: 10.54254/2755-

2721/100/20251731. 

[49] J. Li and W. Shi, “Heliyon Hybrid Preprocessing for neural network-based 

stock price,” Heliyon, vol. 10, no. 24, p. e40819, 2024, doi: 

10.1016/j.heliyon.2024.e40819. 

[50] B. Wibowo, “Mood Investor, Cuaca, dan Pergerakan Return Pasar Saham 

Buddi,” vol. 7, no. 3, pp. 503–512, 2019. 

[51] S. Mostafa and A. Reza, “Machine Learning with Applications Key technical 

indicators for stock market prediction,” Mach. Learn. with Appl., vol. 20, no. 

March, p. 100631, 2025, doi: 10.1016/j.mlwa.2025.100631. 



160 
 

[52] A. Gupta and R. Mishra, “A Comprehensive Study of Stock Market 

Volatility : Types , Determinants , and Measurement Methods,” vol. 6, no. 6, 

pp. 1–14. 

[53] S. Lee and Z. B. Zabinsky, “REPRESENTATIVE CALIBRATION USING 

BLACK-BOX OPTIMIZATION AND CLUSTERINGitle,” pp. 3669–3680, 

2023. 

[54] L. Lai et al., “The Use of Machine Learning Models with Optuna in Disease 

Prediction,” pp. 1–20, 2024. 

[55] G. Hariharan, R. Mallya, N. Kumar, and D. Doreswamy, “Optuna-Optimized 

Ensemble and Neural Network Models for Static Characteristics Prediction 

of Active Bearings with Geometric Adjustments,” pp. 1–30, 2025. 

[56] J. Bergstra, “Algorithms for Hyper-Parameter Optimization,” pp. 1–9. 

[57] J. Snoek, H. Larochelle, and R. P. Adams, “Practical Bayesian Optimization 

of Machine Learning Algorithms,” pp. 1–9. 

[58] T. Chai, R. R. Draxler, and C. Prediction, “Root mean square error ( RMSE 

) or Mean Absolute Error ( MAE )? – Arguments against avoiding RMSE in 

the literature,” no. 2005, pp. 1247–1250, 2014, doi: 10.5194/gmd-7-1247-

2014. 

[59] B. J. S. Armstrong and F. Collopy, “Error Measures For Generalizing About 

Forecasting Methods: Empirical Comparisons By J. Scott Armstrong and 

Fred Collopy Reprinted with permission form,” vol. 8, pp. 69–80, 1992. 

[60] H. Hewamalage, K. Ackermann, and C. Bergmeir, “Forecast Evaluation for 

Data Scientists : Common Pitfalls and Best”. 

[61] S. Makridakis, E. Spiliotis, and V. Assimakopoulos, “The M5 Accuracy 

competition : Results , findings and conclusions The M5 Accuracy 

competition : Results , findings and conclusions,” no. October, 2020. 

[62] N. Maragkos and I. Refanidis, “A Comparative Evaluation of Time-Series 

Forecasting Models for Energy Datasets,” Computers, vol. 14, no. 7, 2025, 

doi: 10.3390/computers14070246. 

[63] P. Xiao, M. Xiao, N. Cai, B. Qiu, S. Zhou, and H. Wang, “Adaptive Hybrid 

Framework for Multiscale Void Inspection of Chip Resistor Solder Joints,” 

no. July, 2023, doi: 10.1109/TIM.2023.3235435. 

[64] A. Jierula, S. Wang, and T. Oh, “applied sciences Study on Accuracy Metrics 

for Evaluating the Predictions of Damage Locations in Deep Piles Using 

Artificial Neural Networks with Acoustic Emission Data,” 2021. 

[65] A. Maqbool and M. Osi, “Comparing forecasting accuracy of selected grey 

and Time Series models based on energy consumption in Brazil and India,” 

vol. 212, no. June 2022, 2023, doi: 10.1016/j.eswa.2022.118840. 

[66] T. O. Hodson, “Root-mean-square error ( RMSE ) or Mean Absolute Error 

( MAE ): when to use them or not,” no. 2, pp. 5481–5487, 2022. 



161 
 

[67] T. Iida, “Identifying causes of errors between two wave-related data using 

performance metrics,” Appl. Ocean Res., vol. 148, no. March, p. 104024, 

2024, doi: 10.1016/j.apor.2024.104024. 

[68] S. Makridakis, E. Spiliotis, and V. Assimakopoulos, “The M4 Competition : 

100 , 000 Time Series and 61 forecasting methods,” Int. J. Forecast., vol. 36, 

no. 1, pp. 54–74, 2020, doi: 10.1016/j.ijforecast.2019.04.014. 

 


