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ABSTRAK

Nama Mahasiswa / NPM :  Jasmine Aulia /22083010074

Judul Skripsi :  Pendekatan NLP Pendekatan Multitopic Stacking
Ensemble Untuk Klasifikasi Ulasan Emosi Pada
Sosial Media Berbasis LSA (Studi Kasus : PT.
Jawapos Media Televisi)

Dosen Pembimbing : 1. Amri Muhaimin, S.Stat., M.Stat., M.S.
2. Andri Fauzan Adziima, S.Si., M.Si.

Perkembangan media sosial telah mendorong perubahan pola interaksi audiens
terhadap konten televisi, termasuk pada PT Jawapos Media Televisi (JTV) sebagai
stasiun televisi lokal di Jawa Timur. Komentar audiens pada media sosial JTV dapat
menjadi sumber informasi penting untuk memahami respons dan persepsi audiens,
namun data tersebut bersifat tidak terstruktur, menggunakan bahasa informal, serta
mengandung variasi ekspresi emosi sehingga sulit dianalisis secara manual.
Penelitian ini bertujuan untuk mengklasifikasikan emosi komentar audiens media
sosial JTV menggunakan metode Stacking Ensemble serta menganalisis topik
dominan menggunakan Latent Semantic Analysis (LSA). Data komentar
dikonsolidasikan ke dalam tiga kelas emosi, yaitu joy, netral, dan negative. Tahapan
penelitian meliputi pra-pemrosesan teks, pengujian kombinasi pra-pemrosesan dan
n-gram, ekstraksi fitur menggunakan Term Frequency-Inverse Document
Frequency (TF-IDF), penerapan SMOTE pada data latih, pemodelan klasifikasi
emosi, evaluasi model, serta analisis topik menggunakan LSA. Model Stacking
Ensemble dibangun dengan mengombinasikan Random Forest, Support Vector
Machine (SVM), dan XGBoost sebagai base learners, serta Logistic Regression
sebagai meta learner. Berdasarkan hasil evaluasi, model terbaik memperoleh nilai
accuracy sebesar 73,95% dan F1-score sebesar 73,41%. Selain itu, LSA digunakan
untuk mengidentifikasi pola topik dominan pada komentar audiens. Sebagai luaran,
penelitian ini juga mengembangkan aplikasi berbasis Streamlit untuk menampilkan
hasil prediksi, visualisasi, dan analisis komentar secara interaktif. Dengan
demikian, penelitian ini memberikan kontribusi dalam penerapan Natural
Language Processing (NLP) untuk membantu memahami persepsi audiens media
sosial secara lebih efisien.

Kata Kunci: JTV, Latent Semantic Analysis, Natural Language Processing,
Sosial Media, Stacking Ensemble.



ABSTRACT

Student Name /| NPM . Jasmine Aulia/ 22083010074

Undergraduate  thesis : Multitopic Stacking Ensemble Approach For
Emotional Review Classification on LSA-Based

title
Social Media (Case Study : PT. Jawapos Media
Televisi)

Advisors . 1. Amri Muhaimin, S.Stat., M.Stat., M.S.

2. Andri Fauzan Adziima, S.Si., M.Si.

The development of social media has encouraged changes in audience interaction
patterns toward television content, including at PT Jawapos Media Televisi (JTV),
a local television station in East Java. Audience comments on JTV's social media
platforms can serve as an important source of information for understanding
audience responses and perceptions. However, these data are unstructured, use
informal language, and contain various emotional expressions, making them
difficult to analyze manually. This study aims to classify the emotions of JTV social
media audience comments using the Stacking Ensemble method and to analyze
dominant topics using Latent Semantic Analysis (LSA). The comment data were
consolidated into three emotion classes, namely joy, neutral, and negative. The
research stages include text preprocessing, testing preprocessing and n-gram
combinations, feature extraction using Term Frequency-Inverse Document
Frequency (TF-IDF), applying SMOTE to the training data, emotion classification
modeling, model evaluation, and topic analysis using LSA. The Stacking Ensemble
model was built by combining Random Forest, Support Vector Machine (SVM), and
XGBoost as base learners, with Logistic Regression as the meta learner. Based on
the evaluation results, the best model achieved an accuracy of 73.95% and an F1-
score of 73.41%. In addition, LSA was used to identify dominant topic patterns in
audience comments. As an output, this study also developed a Streamlit-based
application to display prediction results, visualizations, and comment analysis
interactively. Thus, this study contributes to the application of Natural Language
Processing (NLP) in helping to understand social media audience perceptions more

efficiently.

Keywords: JTV, Latent Semantic Analysis, Natural Language Processing, Social
Media, Stacking Ensemble.
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