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ABSTRAK

Nama Mahasiswa / NPM : M. Ryan Nurdiansyah N.A /21081010321

Judul Skripsi : PERBANDINGAN ARSITEKTUR CNN
MOBILENETV3-LARGE DAN EFFICIENTNETB2
MENGGUNAKAN EKSTRAKSI FITUR LBP
PADA KLASIFIKASI JENIS RIMPANG

Dosen Pembimbing : 1. Yisti Vita Via, S.ST., M.Kom.
2. Afina Lina Nurlaili, S.Kom., M.Kom.

Indonesia memiliki beragam jenis rimpang yang dimanfaatkan di bidang
pangan dan kesehatan, namun kemiripan visual antarspecies menyulitkan
identifikasi manual. Penelitian ini membandingkan kinerja arsitektur CNN
MobileNetV3-Large dan EfficientNetB2 pada citra rimpang asli serta citra yang
diperkaya fitur tekstur Local Binary Pattern (LBP). Dataset berisi 400 citra delapan
kelas (50 citra per kelas) yang melalui proses resize, augmentasi, normalisasi, dan
pembagian data 80% latih, 10% validasi, dan 10% uji. Percobaan dilakukan pada
16 hasil pengujian dengan variasi learning rate 0.1; 0.01; 0.001; dan 0.0001,
dievaluasi menggunakan accuracy, precision, recall, dan fI-score. Secara umum,
learning rate besar (0.1 dan 0.01) menurunkan performa kedua arsitektur,
sedangkan /earning rate kecil dikombinasikan dengan LBP menghasilkan kinerja
yang jauh lebih baik. Konfigurasi terbaik diperoleh pada EfficientNetB2 dan LBP
dengan learning rate 0.001 (Hasil Pengujian 16) yang mencapai accuracy 0.9850.
precision 0.9859, recall 0.9850. dan fI-score 0.9850. diikuti MobileNetV3-Large
dan LBP dengan learning rate 0.001 (Hasil Pengujian 8) dengan accuracy 0.9800.
precision 0.9815 , recall 0.9800 , dan fI-score 0.9799. Hasil ini menunjukkan
bahwa penggabungan LBP dan pemilihan learning rate kecil dapat meningkatkan
akurasi klasifikasi rimpang dan berpotensi mendukung sistem identifikasi otomatis

yang lebih andal.

Kata Kunci : Rimpang, Klasifikasi Citra, Arsitektur CNN, MobileNetV3-Large,
EfficientNetB2, Local Binary Pattern (LBP).
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ABSTRACT

Nama Mahasiswa / NPM : M. Ryan Nurdiansyah N.A /21081010321

Judul Skripsi : COMPARISON OF CNN ARCHITECTURES
MOBILENETV3-LARGE AND EFFICIENTNETB2
USING LBP FEATURE EXTRACTION FOR
RHIZOME CLASSIFICATION

Advisor . 1. Yisti Vita Via, S.ST., M.Kom.
2. Afina Lina Nurlaili, S.Kom., M.Kom.

Indonesia has a diverse range of rhizome species used in food and health
applications, but the visual similarity between species makes manual identification
difficult. This study compares the performance of the CNN architectures
MobileNetV3-Large and EfficientNetB2 on original rhizome images as well as
images enhanced with texture features using Local Binary Pattern (LBP). The
dataset consists of 400 images from eight classes (50 images per class), processed
through resizing, augmentation, normalization, and split into 80% training, 10%
validation, and 10% testing. Experiments were conducted in 16 test results with
learning rates of 0.1, 0.01, 0.001, and 0.0001, evaluated using accuracy, precision,
recall, and Fl1-score. In general, large learning rates (0.1 and 0.01) degraded the
performance of both architectures, while smaller learning rates combined with LBP
produced much better results. The best configuration was obtained by
EfficientNetB2 with LBP at a learning rate of 0.001 (Test Result 16), achieving an
accuracy of 0.9850. precision of 0.9859, recall of 0.9850. and F1-score of 0.9850.
followed by MobileNetV3-Large with LBP at a learning rate of 0.001 (Test Result
8) with 0.9800 accuracy, 0.9815 precision, 0.9800 recall, and 0.9799 F1-score.
These findings indicate that combining LBP with CNN architectures and using
small learning rates can improve rhizome classification accuracy and has the

potential to support more reliable automatic identification systems.

Keywords : Rhizome, Image Classification, CNN architecture, MobileNetV3-
Large, EfficientNetB2, Local Binary Pattern (LBP).
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