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ABSTRAK

BRAHMANTIO WIDYO TRENGGONO. Optimasi Feature Engineering Terhadap
Performa Algoritma XGBoost, Random Forest dan Support Vector Regression dalam
Prediksi Harga Rumah (dibimbing oleh Dr. Ir. I Gede Susrama Mas Diyasa, S.T., M.T.,
IPU dan Dr. Rr. Ani Dijah Rahajoe, ST, M.Cs.)

Semakin bertambahnya tahun pergerakan harga rumah yang selalu meningkat menjadi salah
satu faktor penting dalam keputusan investasi dan perencanaan keuangan dalam menekan
adanya inflasi. Namun, fluktuasi atau kenaikan harga rumah dapat disebabkan oleh berbagai
faktor yang dapat mempengaruhi nilai dari prediksi harga rumah. Penelitian ini bertujuan
untuk menganalisa pengaruh optimasi dan hubungan antara feature engineering dengan
modeling dalam prediksi harga rumah. Tahapan penelitian meliputi preprocessing data,
feature transformation, feature engineering, splitting data hingga pengoptimalan dalam
penentuan parameter saat tuning. Dengan evaluasi kinerja model menggunakan metrik Mean
Absolute Error (MAE), Root Mean Squared Error (RMSE), Mean Absolute Percentage
Error (MAPE), dan koefisien Determinasi (R*-Squared). Hasil penelitian menunjukkan
bahwa penggunaan algoritma Support Vector Regression menghasilkan peforma terbaik
dengan nilai MAE 278,662,143.00, RMSE sebesar 781,711,067.72, MAPE sebesar 6.79 dan
R?-Squared 0.98. Penelitian ini diharapkan dapat menjadi referensi bagi penelitian
selanjutnya dalam optimasi model regresi terutama dalam pengambilan keputusan dalam

memprediksi harga rumah yang lebih akurat.

Kata kunci: Prediksi Harga Rumah, Optimasi, Feature engineering
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ABSTRACT

BRAHMANTIO WIDYO TRENGGONO. Feature Engineering Optimization of
XGBoost, Random Forest, and Support Vector Regression Algorithm Performance in House
Price Prediction (supervised by Dr. Ir. I Gede Susrama Mas Diyasa, S.T., M.T., IPU and
Dr. Rr. Ani Dijah Rahajoe, ST, M.Cs.)

As the years go by, the ever-increasing movement of house prices has become an important
factor in investment decisions and financial planning to curb inflation. However, fluctuations
or increases in house prices can be caused by various factors that can affect the value of
house price predictions. This study aims to analyze the influence of optimization and the
relationship between feature engineering and modeling in house price predictions. The
research stages include data preprocessing, feature transformation, feature engineering,
data splitting, and optimization in determining parameters during tuning. Model
performance is evaluated using the Mean Absolute Error (MAE), Root Mean Squared Error
(RMSE), Mean Absolute Percentage Error (MAPE), and Determination coefficient (R"2-
Squared) metrics. The results show that the Support Vector Regression algorithm produces
the best performance with a MAE value of 278,662,143.00, an RMSE of 781,711,067.72, a
MAPE of 6.79, and R?-Squared of 0.98. This study is expected to be a reference for further
research in regression model optimization, especially in decision making in predicting more

accurate house prices.

Keyword: House Price Prediction, Optimization, Feature engineering
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