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ABSTRAK

Nama Mahasiswa . Gilang Rahmadhan Armijantoro
NPM : 21081010033
Judul Skripsi : OPTIMASI DETEKSI PENYAKIT DAUN TEH

BERBASIS  YOLOVS  MENGGUNAKAN

CONVOLUTIONAL BLOCK ATTENTION

MODULE (CBAM) DAN BIDIRECTIONAL

FEATURE PYRAMID NETWORK (BiFPN)
Dosen Pembimbing : 1. Budi Nugroho, S.Kom, M.Kom

2. Yisti Vita Via, S.ST., M.Kom

Deteksi dini penyakit daun teh penting untuk menjaga kualitas produksi, namun
proses ini menghadapi tantangan berupa keragaman bentuk dan ukuran gejala serta
latar belakang citra yang kompleks. Penelitian ini mengoptimalkan YOLOv8
dengan mengintegrasikan Convolutional Block Attention Module (CBAM) dan
Bidirectional Feature Pyramid Network (BiFPN) untuk meningkatkan kemampuan
deteksi tiga penyakit utama, yaitu Algal Leaf Spot, Brown Blight, dan Grey Blight.
Dataset yang digunakan merupakan gabungan data primer lapangan dan data
sekunder dari Kaggle. Menghasilkan empat model yang dievaluasi yaitu
YOLOv8n, YOLOvVS-CBAM, YOLOvVS8-BiFPN, dan YOLOv8-CBAM-BiFPN.
Hasil menunjukkan Model baseline mencapai precision 0.760, recall 0.735, mAP50
0.793, dan mAP50-90 0.657. Model gabungan YOLOv8-CBAM-BiFPN
menghasilkan performa terbaik dengan precision 0.879, recall 0.814, mAP50 0.886,
dan mAP50-90 0.739. Temuan ini menunjukkan bahwa kombinasi CBAM dan
BiFPN secara signifikan meningkatkan akurasi, konsistensi deteksi multi-skala, dan
selektivitas fitur pada YOLOvVS, menjadikannya konfigurasi paling optimal untuk
deteksi penyakit daun teh.

Kata Kunci : Deteksi Objek, YOLOVS, CBAM, BiFPN, Penyakit Daun Teh
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ABSTRACT

Student Name : Gilang Rahmadhan Armijantoro
NPM 21081010033
Thesis Title 2 OPTIMIZATION OF TEA LEAF DISEASE DETECTION

BASED ON YOLOVS USING CONVOLUTIONAL
BLOCK ATTENTION MODULE (CBAM) AND
BIDIRECTIONAL FEATURE PYRAMID NETWORK
(BiFPN)

Advisor : 1. Budi Nugroho, S.Kom, M.Kom
2. Yisti Vita Via, S.ST., M.Kom

Early detection of tea leaf diseases is important for maintaining production
quality, but this process faces challenges in the form of diverse shapes and sizes of
symptoms and complex image backgrounds. This study optimizes YOLOvVS by
integrating the Convolutional Block Attention Module (CBAM) and Bidirectional
Feature Pyramid Network (BiFPN) to improve the detection capabilities of three
major diseases, namely Algal Leaf Spot, Brown Blight, and Grey Blight. The dataset
used is a combination of primary field data and secondary data from Kaggle. Four
models were evaluated: YOLOvS8n, YOLOvS-CBAM, YOLOvVS-BiFPN, and
YOLOVS-CBAM-BiFPN. The results show that the baseline model achieved a
precision of 0.760, recall of 0.735, mAP50 of 0.793, and mAP50-90 of 0.657. The
combined YOLOvVS-CBAM-BiFPN model produced the best performance with
precision 0.879, recall 0.814, mAP50 0.886, and mAP50-90 0.739. These findings
indicate that the combination of CBAM and BiFPN significantly improves
accuracy, multi-scale detection consistency, and feature selectivity in YOLOVS,

making it the most optimal configuration for tea leaf disease detection.

Keywords: Object Detection, YOLOVS, CBAM, BiFPN, Tea Leaf Disease
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