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ABSTRAK

Nama Mahasiswa / NPM : Muhammad Abdullah Hafizh / 21081010099

Judul Skripsi : Prediksi Kurs Rupiah Terhadap Dolar Amerika
Berbasis Bidirectional Long Short Term Memory
dan Attention Mechanism

Dosen Pembimbing : 1. Dr. Eng. Ir. Anggraini Puspita Sari, ST., MT.
2. Henni Endah Wahanani, ST., M. Kom.

Nilai tukar merupakan indikator yang dapat mencerminkan kondisi ekonomi suatu
negara. Perubahan nilai tukar dipengaruhi berbagai faktor salah satunya faktor
makroekonomi, seperti suku bunga, inflasi, ekspor, dan impor. Fluktuasi nilai tukar
yang terjadi dapat berdampak pada sektor perdagangan internasional, perbankan,
dan pariwisata. Oleh karena itu, penelitian ini bertujuan untuk memprediksi nilai
tukar Rupiah terhadap Dolar Amerika menggunakan algoritma Bidirectional Long
Short Term Memory (BiLSTM) yang banyak digunakan pada prediksi data time
series dengan optimasi Attention Mechanism. Attention Mechanism memberikan
optimasi pada informasi yang penting dengan memberikan bobot perhatian. Hasil
pengujian menunjukkan bahwa model BiLSTM-Attention memberikan performa
terbaik dibandingkan dengan model BiLSTM dan LSTM. Model BiLSTM-
Attention menghasilkan RMSE sebesar 54,45; R? sebesar 0,9718; dan MAPE
sebesar 0,26% dengan waktu pelatihan selama 150 detik. Berdasarkan hasil ini,
membuktikan bahwa model BiLSTM-Attention memberikan performa lebih
unggul dibandingkan model BiLSTM dan LSTM dengan tingkat kesalahan lebih
rendah 44,9% dibandingkan BiLSTM dan lebih rendah 47,1% dibandingkan
LSTM.

Kata Kunci: BiLSTM, Attention Mechanism, Prediksi, Nilai Tukar, Time Series
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ABSTRACT

Student Name / NPM : Muhammad Abdullah Hafizh / 21081010099
Thesis Title : Exchange Rate Prediction IDR against USD using
BILSTM and Attention Mechanism
Advisors : 1. Dr. Eng. Ir. Anggraini Puspita Sari, ST., MT.
2. Henni Endah Wahanani, ST., M. Kom.

The exchange rate is an indicator that reflects the economic condition of a country.
Its fluctuations are influenced by various factors, particularly macroeconomic
variables such as interest rates, inflation, exports, and imports. Exchange rate
instability can affect multiple sectors, including international trade, banking, and
tourism. Therefore, this study aims to predict the exchange rate of the IDR against
the USD using the Bidirectional Long Short Term Memory (BiLSTM) algorithm,
which is widely used for time series prediction, optimized with the Attention
Mechanism. Attention Mechanism optimizes important information by assigning
attention weights. The experimental results show that the BILSTM-Attention model
achieved the best performance compared to the BILSTM and LSTM models. The
BiLSTM-Attention model produced an RMSE of 54.45, an R? of 0.9718, and a
MAPE of 0.26%, with a training time of 150 seconds. These findings demonstrate
that the BILSTM-Attention model provides better performance compared to the
BiLSTM dan LSTM models, with an error rate that is 44.9% lower than BiILSTM
and 47.1% lower than LSTM.

Keywords: BiLSTM, Attention Mechanism, Prediction, Exchange Rate, Time

Series
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