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ABSTRAK

Nama Mahasiswa / NPM : Rendi Hardiartama / 21082010094

Judul Skripsi . Penerapan Metode Ensemble Machine Learning
Dalam Analisis Sentimen Berbasis Aspek Pada
Ulasan Aplikasi Wondr By BNI

Dosen Pembimbing : 1. Amalia Anjani Arifiyanti, S.Kom., M.Kom
2. Seftin Fitri Ana Wati, S.Kom., M.Kom

Perkembangan teknologi digital telah mendorong transformasi layanan perbankan
melalui mobile banking, termasuk peluncuran aplikasi Wondr by BNI sebagai
inovasi terbaru dari Bank Negara Indonesia. Meskipun aplikasi ini telah diunduh
lebih dari 5 juta kali, per akhir Desember 2024 rating-nya hanya mencapai 3,8 lebih
rendah dibandingkan aplikasi sebelumnya yang memiliki rating 4,5 yang
mengindikasikan adanya ketidakpuasan dari sebagian pengguna. Penelitian ini
bertujuan untuk memahami persepsi pengguna aplikasi Wondr by BNI melalui
penerapan Aspect-Based Sentiment Analysis (ABSA) dengan metode stacking
ensemble learning terhadap ulasan pengguna, guna mengidentifikasi aspek-aspek
utama serta sentimen yang terkait. Data diperoleh melalui scraping dari Google
Play Store dan App Store, kemudian dilakukan preprocessing dan pelabelan
sebelum memasuki dua tahap klasifikasi, yaitu identifikasi aspek dan klasifikasi
sentimen pada tiap aspek. Hasil evaluasi menunjukkan bahwa model stacking
ensemble tanpa resampling memberikan performa terbaik. Pada klasifikasi aspek,
model mencapai F1-score sebesar 99.4% untuk aspek Tampilan, 99.3% untuk
Autentikasi, dan 99% untuk Transaksi. Sementara pada klasifikasi sentimen per
aspek, diperoleh F1-Score sebesar 82.2% untuk Tampilan, 87.8% untuk
Autentikasi, dan 92.4% untuk Transaksi. Penerapan Local Interpretable Model-
Agnostic Explanations (LIME) juga berhasil meningkatkan interpretabilitas model
dengan menyoroti kata-kata yang berkontribusi terhadap klasifikasi, baik dari sisi
aspek maupun sentimen.

Kata kunci : Aspect-Based Sentiment Analysis (ABSA), Scrapping, preprocessing,
Stacking Ensemble Learning, Local Interpretable Model-Agnostic Explanations
(LIME), Wondr By BNI
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ABSTRACT

Student Name / NPM : Rendi Hardiartama / 21082010094

Thesis Title :Implementation of Ensemble Machine Learning
Methods in Aspect-Based Sentiment Analysis of
Reviews on the Wondr by BNI Application

Advisor 1. Amalia Anjani Arifiyanti, S.Kom., M.Kom
2. Seftin Fitri Ana Wati, S.Kom., M.Kom

The development of digital technology has driven the transformation of banking
services through mobile banking, including the launch of the Wondr by BNI
application as the latest innovation from Bank Negara Indonesia. Although the
application has been downloaded more than 5 million times, as of the end of
December 2024, its rating was only 3.8 lower than the previous application's rating
of 4.5 indicating a level of user dissatisfaction. This study aims to understand user
perceptions of the Wondr by BNI application by implementing Aspect-Based
Sentiment Analysis (ABSA) using a stacking ensemble learning method on user
reviews, in order to identify the main aspects and their associated sentiments. The
data were collected through scraping from Google Play Store and App Store,
followed by preprocessing and labeling, before undergoing two stages of
classification: aspect identification and sentiment classification for each aspect.
Evaluation results show that the stacking ensemble model without resampling
yielded the best performance. In aspect classification, the model achieved an F1-
score of 99.4% for the Interface aspect, 99.3% for Authentication, and 99% for
Transaction. For sentiment classification per aspect, the model obtained F1-scores
of 82.2% for Interface, 87.8% for Authentication, and 92.4% for Transaction. The
implementation of Local Interpretable Model-Agnostic Explanations (LIME) also
successfully enhanced model interpretability by highlighting the words that
contributed to both aspect and sentiment classification.

Keywords: Aspect-Based Sentiment Analysis (ABSA), Scrapping, Stacking
Ensemble Learning, Local Interpretable Model-Agnostic Explanations (LIME),
Wondr By BNI
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