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ABSTRAK

Nama Mahasiswa / NPM :  Kinanthi Putri Ariyani / 21083010047

Judul Skripsi . Analisis Sentimen Menggunakan Model Support
Vector Machine Mengenai Kerusakan Rangka
eSAF dengan Penerapan Streamlit

Dosen Pembimbing . 1. Aviolla Terza Damaliana, S.Si., M.Stat.
2. Trimono, S.Si., M.Si.

Kerusakan rangka Enhanced Smart Architecture Frame (eSAF) pada sepeda motor
Honda telah memicu kekhawatiran konsumen dan menjadi sorotan publik.
Penelitian ini mengkaji sentimen masyarakat terhadap masalah tersebut
menggunakan Support Vector Machine (SVM) serta dampaknya terhadap
penjualan di salah satu dealer di Surabaya. Data yang digunakan berupa komentar
dari media sosial Twitter dengan membagi data ke dalam dua kelompok klasifikasi
utama yakni sentimen positif dan sentimen negatif. Berdasarkan hasil analisis,
mayoritas 589 sentimen masyarakat (59,7%) cenderung negatif terhadap masalah
kerusakan rangka eSAF, sedangkan 397 sentimen masyarakat (40,3%)
menunjukkan sentimen positif. Hasil penjualan menunjukkan sentimen negatif di
media sosial tidak memengaruhi angka penjualan. Model SVM dengan kernel
Linear dan Polynomial memberikan hasil terbaik dengan akurasi 85%, precision
85%, recall 85%, dan f1-score 85%. SVM dipilih karena unggul dalam klasifikasi
teks dibandingkan dengan algoritma seperti K-Nearest Neighbors (KNN), C4.5,
dan Naive Bayes, serta telah diterapkan dalam berbagai bidang seperti deteksi
wajah, bioinformatika, dan pemrosesan teks. Penelitian ini memberikan wawasan
bagi produsen untuk memperbaiki kualitas produk, meningkatkan layanan
konsumen, dan memulihkan kepercayaan publik. Selain itu, penggunaan algoritma
SVM dalam analisis sentimen ini dapat menjadi referensi bagi penelitian serupa di
bidang lain.

Kata kunci: Analisis Sentimen, Penjualan, Rangka eSAF, Support Vector Machine
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ABSTRACT

Student Name / NPM : Kinanthi Putri Ariyani / 21083010047

Thesis Title : Sentiment Analysis Using Support Vector Machine
Model Regarding eSAF Frame Damage with
Streamlit Implementation

Advisor : 1. Aviolla Terza Damaliana, S.Si., M.Stat.
2. Trimono, S.Si., M.Si.

The damage to the Enhanced Smart Architecture Frame (eSAF) on Honda
motorcycles has raised consumer concerns and become a public spotlight. This
study examines public sentiment towards the problem using Support Vector
Machine (SVM) and its impact on sales at a dealer in Surabaya. The data used are
comments from Twitter social media by dividing the data into two main
classification groups, namely positive sentiment and negative sentiment. Based on
the analysis results, the majority of 589 public sentiments (59.7%) tend to be
negative towards the eSAF frame damage problem, while 397 public sentiments
(40.3%) show positive sentiment. The sales results show that negative sentiment on
social media does not affect sales figures. The SVM model with Linear and
Polynomial kernels gave the best results with 85% accuracy, 85% precision, 85%
recall, and 85% f1-score. SVM was chosen because it excels in text classification
compared to algorithms such as K-Nearest Neighbors (KNN), C4.5, and Naive
Bayes, and has been applied in various fields such as face detection, bioinformatics,
and text processing. This research provides insights for manufacturers to improve
product quality, enhance consumer service, and restore public trust. In addition,
the use of the SVM algorithm in this sentiment analysis can be a reference for
similar research in other fields.

Keywords: eSAF Frame, Sales, Sentiment Analysis, Support Vector Machine
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